Development, Deployment and Evaluation of Personalized Learnin
Companion Robots for Early Literacy and Language Learnin

Personal Robots Group
MIT Media Lab

Samuel Spaulding, Cynthia Breazeal
Personal Robots Group. MIT Media Lab

S

Abstract

ocial Robots: A New Computational Medium for
Practicing Language and Literacy Skills

Social robot learning companions hold great promise for
augmenting parents and teachers to promote childhood learning by
physically, socially, and emotionally engaging with children. One of
the most important factors for language skill development is
sufficient exposure to a rich variety of spoken language and
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